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Dear Editor,
Recent advancements in artificial intelligence (Al), especially in na
the growing interest in integrating large language models (LLMs) intogel
widely used LLM, has demonstrated potential in generating coherent responses
domains. However, its applicability in medical image interpretation particulatly

analysis, remains a matter of scientific inquiry.

In this pilot study, we assessed ChatGPT’s ability to analy pheral'blood smear (PBS) images
representing common hematological conditions, i ignant (n=34) and benign (n=8) cases.
Images were selected from Anderson’s Atlas of . For each image, ChatGPT (GPT-4,
OpenAl, April 2024 version) was prompted three t i sal instructions: Identify if there are any
pathological cells, specify the cell type (RBC, est a preliminary diagnosis, and
recommend further confirmatory tests.
ChatGPT consistently identified abnormal c
However, its diagnostic accuracy was Jimite

with better performance in acute le
to correctly diagnose any of the

ctly classified the cell type in 97.6% of cases.
diagnosis was achieved in 23.8% of cases overall,
nd benign conditions (25%). Notably, ChatGPT failed
ia cases. The model performed better in recommending

tations: (i) the use of standardized textbook i 1mages may
art of ChatGPT’s pretraining set, (ii) real-world clinical smear images
staining quality, and morphological complexity, and (iii) ChatGPT’s

We acknowledge several
introduce bias if similar

used (GPT-4) is y GPT-40 (May 2024), which may exhibit different capabilities [2].
Although our findings suggest that ChatGPT may assist in preliminary morphological recognition, its

ic, cytogenetic, and molecular data [3,4]. D1agnostic accuracy is further hindered in the
solution or poorly illuminated images, where subtle cytological clues are difficult to

rini et al. and Pighi et al. further explored ChatGPT’s application in classifying urinary and
tological particles, with mixed results and significant variability [6,7].

ur work aligns with these findings and underscores the need for controlled validation in real-world
clinical datasets. To clarify further, our study focused primarily on morphological identification and did not
incorporate molecular or immunophenotypic data into the diagnostic process.
A detailed breakdown of evaluated cases has been added to the supplementary table, including AML-M1,
AML-M2, AML-M4, reactive lymphocytosis, iron deficiency anemia, and inflammatory thrombocytosis.



In conclusion, while ChatGPT holds promise as an adjunctive tool for hematology education or initial
triage, it cannot replace expert interpretation of peripheral blood smears. Future directions should focus on
hybrid models that integrate image processing and contextual language understanding, alongside rigorous
validation on institution-specific datasets.
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Figure b The figure below illustrates the diagnostic distribution of the 42 peripheral blood smear cases
atedlin thi§ study.





